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Annomayus. Ipoussedeno kapmoepaguposanue ranouagpmuozo noxkposa (land cover) Ipubaiiknvs. Ha nepsom smane ¢ npumene-
Huem danuvix noaegvix pabom 3a 2000-2021 ze., kocmuueckux cnumxos Landsat u Sentinel 2 3a pasuvie ce30Hbl, a makice OAHHbIX U3
omkpeimuix ucmounuxog Google, Yandex, u ESRI Ovino gvideneno 6oaee 700 6bi0enog - 06pazyos 0ns oOyyenus kiaccugurayuu,
omHecennvix K 15 knaccam nanowagmmnozo nokposa. 3amem ¢ obnaunoi nnamgopme Google Erath Engine Ovina nposedena obyua-
emas kraccugpuxayusa chumxog Landsat 3a nepuoo ¢ 1.06 — 30.09 2021 — 22 ze. ¢ npumenenuem memooa random forest. /s oyenxu
docmosepHoCcmuU Kapmul 1aHOWAdhmnoz2o nokposa ucnoawvsosarocs 30% obpasyos, docmogeprnocms cocmasuna 95% (no oyenxa
Kappa — 94%). Cocmasnena u npoananusuposana mampuya ouwubox kiaccuduxayuu. [lpoussedeno cpasnenue co30aHHOl MoOenu ¢
mooenvio ESRI Sentinel.

Abstract. Mapping of the land cover of the Baikal region was carried out. At the first stage, using field data for 2000-2021, Landsat
and Sentinel space images for different seasons, as well as data from open sources Google, Yandex, and ESRI, more than 700 units
(samples for classification training ), classified into 15 land cover classes were identified. Then, a supervised classification of Landsat
images for the period from June 1 to September 30, 2021-22 was carried out in the Google Erath Engine cloud platform using the
random forest method. To assess the accuracy of the land cover map, 30% of the samples were used (overall accuracy is 95%, valida-
tion kappa - 94%). A validation error matrix of classification was compiled and analyzed. The created model was compared with the
ESRI Sentinel model.

Knrouesvie crosa: nanowapmuoe kapmoepaghuposanue, kiaccuguxayus ¢ ooyuenuem, Google Erath Engine
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Tepputopus [Ipubaiikainbsi, sIBASIOMANACS, C OAHOH CTOPOHBIL, IEPCIEKTUBHON [ Pa3BUTHS Pa3IMIHBIX
BHJIOB XO3SIIICTBEHHOU NEATEIBHOCTH, a C IPYTrOil CTOPOHBI, YHUKAJIBHON U BBICOKOLICHHON € 3KOJIOTHYECKOM
TOUYKH 3PEHUS, HYKJAETCS B HAYYHO-00OOCHOBAHHOM TUTAHUPOBAaHUU MIPHUPOIONIONB30BaHus. MHDopMalmon-
HOW OCHOBOI TaKOTO TUIAHUPOBAHUS JIOJDKHA OBITh AOCTOBEpHAas cpeqHeMaciuTabHas nanmmadTHas Kapra,
oTpakarolas MOTeHIUAIBHOE U COBPEMEHHOE COCTOsTHUE JaHamadgToB Tepputopun. JlanamadTHRIe KapThI
pasnu4Horo Macmraba Ha Tepputoputo [Ipubaiikanbs, co3naBacMble COTPYAHUKAMH Pa3IMYHBIX J1a00paTo-
puit Uacturyra reorpadnu CO PAH B pa3Hbie TOIBI, B OCHOBHOM HOCSAT (hparMeHTapHBIA XapaKTep H Tpe-
OyroT 0000IIeHUS U IPUBEACHUS K einHOM ocHOBe (McTomuna u ap., 2018).

Ilenmpro JAHHOTO WICCIIEOBAHMS CTAJIO0 CO3MaHUE KapThl JaHAmadTHOTO IokpoBa [Ipnbaiikanss Ha oc-
HOBe KocMHUecKnX CHHUMKOB Landsat, mudposoit momenn SRTM, a Taxke obmaunoit mmardopmbel Google
Earth Engine. Kapra nanamadTHOro mokpoBa cTaHeT OCHOBOH JUIsl CO3/JaHuUs TaHAIIa(QTHON KapThl TEPPUTO-
pum.

B kauectBe 00beKTa UCCIeA0BaHUs BhIOpaHa Tepputopus [Ipubaiikanbs. PasnooOpasue nanamadron
[Tpubaiikansst onpenensieTcss OOMBITUM JUCIIOM JaHamadToo0pasyommx GakTopoB, a TAKKE HEOTHOPOTHO-
CTBIO YCIIOBUH, B KOTOPBIX (hOpMHUpPYIOTCS reoKoMILieKkchl. JlanamadTaas ctpykrypa [Ipubaiikanes xapakre-
pHU3yeTcs BBICOKOW CIIOKHOCTHIO M KOHTPACTHOCTHIO. 37IeCh COMPHUKACAIOTCA /1Ba KPYIHBIX PErHoHa CyOKOH-
tuHeHTOB CeBepHoit Aznn — baiikano-/[xyrmxypckuit u FOxua0-Cubupckas ¢puznko-reorpaduyueckue odna-
CTH; COYETATCS TPU THUIA MPUPOJHON Cpenbl: TYHAPOBBINM, TACKHBIA U CTEIHOW; IPEJICTABICH HIUPOKHMA
CHEeKTp JaHAMA(PTOB: TONBIOBBIE, MOATOJBIIOBEIE, TOPHO-TAE)KHBIE, TOPHO-JIECHBIE, TOPHO-JIECOCTEITHBIE
(moxraexHsbIe), TOPHO-CTEIIHBIE, TOPHO-CYXOCTEIHbIE U OITyCTHIHEHHO cTenHble (Muxees, 1995).

g xaprorpadupoBaHus M aHAIKM3a JIAHAMAGTHOTO ITOKPOBA UCCIIEAYEMON TEPPUTOPHH MBI TTOTYIHITH
U MpoaHaIu3upoBany n3odpaxkenus Landsat-8 ¢ ucnonszoBannem miatdopmel Google Earth Engine (GEE)
(Prishchepov u ap., 2021, Kuklina u np., 2022). KoMmo3uTs! u3 HECKONBKIX H300paKEHUH (IOCTYIHBIX Ha
natel ¢ 1 urons 10 30 cenTsa0ps 2021-2022 rT.) UCMIOTB30BANHCH H3-32 HEOOIBIIOTO KOJIMYeCcTBa 0€300Ia9HbIX
CHHMKOB JJISl TOTO PETHOHA, a TaK)Ke YTOOBI y4ecTh H3MEHUYMBOCTh PACTUTENBHOCTH 32 MEPUOJ] BEreTallHH.
Ha ocHOBe 3THX KOMITO3UTOB OBUTH pacCUUTaHBI MeTMAHHBIE 3HAUESHUS 0€300IaUHBIX MMUKCENeH ATHX H300pa-
KeHui i kaHaoB B2-B4. Jlns kmaccuuUKaluu HMCIOJB30BAICS METOJ| YIpaBisieMoW Kiaccupuka-
nnnu Random Forest co cneayromumvu napamerpamu kinaccudukanun: 300 trees, 5 variables per split. MbI pa3-
JENIA U300paxkeHns Ha 15 kimaccoB maHamadTHOTO MOKPOBA: XBOWHEIH JieC, TUCTBEHHUYHBIH JIec, XBOWHO-
JIUCTBEHHBIH JIeC, INCTBEHHBIN JieC, PEIKOJIEChS B TOPax, PEAKOJIECh Ha 00I0Tax, MOJIOJHIKH, KyCTapHHUKH,
3a00JI0UYEHHBIE YYACTKH C TPABSIHUCTOW PAaCTUTEIHHOCTHIO, CTEITHAS PACTUTENBHOCTD, JIyTOBas PacTUTENb-
HOCTB (KPYITHOTPABBE), MALTHU, TEPPUTOPUH O€3 paCTUTENBHOCTH, 3aCTPOCHHBIE TEPPUTOPHH, TapH.

Jl1st 00y4ueHUs U OIEHKH JOCTOBEPHOCTH KilaccH(UKAIIK ObITIO co3mano 6osree 700 TECTOBBIX MOJIATO-
HOB, OKOJIO TIOJIOBMHBI U3 KOTOPBIX OBLIIM OCHOBAHBI HA JAHHBIX MOJIEBBIX HCCIICAOBAHUN Pa3HbIX JIET, H OKOJIO
TTOJIOBUHBI OBUTH TIOJTYYEHBI M3 MO3auKu u3o0paxenuii Landsat 8, Sentinel 2, a Takke n300pakeHU OYCHB
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BBICOKOTO pa3peleHus, ocTynHbM B Google EarthTM, Yandex u ESRI. [lnst onenku TouHoCTH Kiaccuu-
Kanuu OBUIO UCTIONB30BaHO 30% CO3MaHHBIX TECTOBBIX MONMUTOHOB. OOIIast TOYHOCTD KIIACCU(UKAINH JaH -
madTHOro mokpoBa coctaBuia 0,94, a mo onenke Kanma — 0,95.

CocraBneHa W IpoaHaIM3UPOBaHA MaTpHIAa OMMOOK Kiaccudukanuu. [IponsBeneHo cpaBHEHHE CO-
3nagHou Monenu ¢ monenbio ESRI Sentinel.

JlanHO¥1 cciiemoBaHuE SBIACTCS HAYaIbHBIM 3TarioM. [[manupyeTcs yBenmueHrne KoaudecTBa 00pasioB
Y TIOBBHIIIEHHWE TOYHOCTH KiaccH(UKallMu, CO3JaHHWE KapT 3a pas3Hble TOJAbl U aHaIW3 IUHAMHUKHU JIaHJ-
ma)THOTO TOKPOBA, a TAKXKE CO3/IaHHE KapThl JTaHAIIA()TOB TEPPUTOPUH.

Hccnedosanue 8binonneno 3a cuem cpedcma 20cy0apcmeeHHo2o 3a0anus Hncmumyma eeozpagpuu um.
B. b. Couagvr CO PAH (Ne zocpecucmpayuu memor: AAAA-A21-121012190056-4).
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